
 

Jurnal Ekonomi dan Bisnis, Volume xxx. Nomor xx. Bulan Tahun.  
Fakultas Ekonomi dan Bisnis Universitas Pekalongan 
 

126 
 

Jurnal Ekonomi dan Bisnis 
www.jurnal.unikal.ac.id/index.php/jebi  

 
SOCIAL AND ECONOMIC IMPACTS OF THE DISASTER-RESILIENT VILLAGE 

PROGRAM WITH BAYESIAN DECISION-MAKING 

 
Minati Maulida1* Muhammad Ali Gunawan2 Tria Ratnasari3 

1Department of Islamic Education Management, STAI Ki Ageng Pekalongan 
minatimaulida@staikap.ac.id2*  

 

 

ARTICLE INFO 

Article history: 
Received: 24 February 2025 
Received in revised form: 12 
March 2025 
Accepted: 13 March 2025 
Available online: 17 March 2025 
 
 
Keywords: Bayesian Decision-
Making, Disaster-Resilient 
Village, Economic Impact, Social 
Resilience, Uncertainty. 

ABSTRACT  

This study evaluates the social and economic impacts of the Disaster-
Resilient Village (DRV) Program using Bayesian Decision-Making. 
Conducted in Pekalongan City, a region frequently affected by tidal 
flooding and coastal erosion, this research employs a quantitative 
approach to assess the program’s effectiveness in enhancing disaster 
resilience. The study involves 563 respondents, including 18 
government officials and 545 affected community members, selected 
through purposive and proportional sampling. Data were collected 
through structured surveys measuring disaster preparedness, 
economic losses, and financial accessibility. Bayesian probabilistic 
modeling was applied to analyze decision-making patterns in disaster 
risk reduction and to optimize resource allocation strategies. The 
results indicate that financial aid and credit accessibility significantly 
accelerate economic recovery, while disaster preparedness alone does 
not directly influence resilience. Infrastructure damage, however, 
prolongs recovery time, underscoring the need for resilient 
infrastructure investments. These findings highlight the importance of 
integrating financial mechanisms into the DRV framework to enhance 
economic stability post-disaster. Policymakers should prioritize 
expanding financial aid programs, improving credit accessibility, and 
strengthening infrastructure resilience to minimize long-term 
economic disruptions. Future research should incorporate longitudinal 
studies and explore the role of social factors in disaster recovery to 
provide a more comprehensive analysis. 

 
INTRODUCTION  

Disaster resilience is a key concern in global development, particularly for coastal cities 
facing increasing climate risks. The Disaster-Resilient Village (DRV) Program has been 
implemented to enhance local capacity in mitigating disaster risks through community 
empowerment, early warning systems, and infrastructure development. This initiative is 
essential in areas where natural disasters, such as floods, earthquakes, and typhoons, 
frequently occur, disrupting economic activities and endangering human lives (Muhame et al., 
2024). Meanwhile, Bayesian Decision-Making has emerged as a probabilistic approach to 
optimize disaster response and resource allocation under uncertainty. By incorporating prior 
knowledge and real-time data, this approach enables continuous learning and adaptation, 
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which is crucial for improving disaster preparedness and mitigation strategies (Gourisetti et al., 
2020; Şengöz, 2024; Sun et al., 2020). 

The DRV Program aims to empower communities by strengthening disaster preparedness 
and response mechanisms. It incorporates leadership development, improved early warning 
systems, and fostering social cohesion to minimize disaster disruptions. The program is designed 
to enhance local resilience by equipping communities with the knowledge and tools necessary 
to respond effectively to disasters and recover swiftly afterward. Previous studies have 
highlighted the program’s success in enhancing social resilience and economic stability, 
particularly in disaster-prone areas (Kolopaking et al., 2022). However, its effectiveness largely 
depends on adaptive decision-making frameworks that address uncertainty and dynamic risk 
variables. Without a well-structured decision-making approach, the implementation of disaster 
resilience programs may face inefficiencies in resource distribution and emergency response 
coordination (Haris et al., 2023). 

Bayesian Decision-Making provides a structured probabilistic framework for evaluating 
disaster risks and optimizing emergency response strategies. This method integrates prior 
knowledge and real-time data, enabling dynamic risk assessments and efficient resource 
allocation. The ability to update predictions based on new information allows policymakers to 
respond more effectively to changing disaster conditions, making Bayesian modeling a valuable 
tool in disaster risk reduction (Ferreira et al., 2023). Studies have demonstrated its effectiveness 
in disaster recovery planning, economic resilience forecasting, and optimizing emergency 
resource deployment. By leveraging Bayesian techniques, disaster management agencies can 
enhance decision-making efficiency, reducing losses and improving recovery rates (Nguyen et 
al., 2024). 

The city of Pekalongan faces significant disaster challenges, particularly tidal flooding (rob) 
and coastal abrasion, which have resulted in property damage and loss of livelihoods. Tidal 
flooding has become a persistent issue, submerging residential areas (Bosserelle et al., 2022; 
Silveira et al., 2021; Suryani & Sekarjati, 2023), schools  (Lassa et al., 2023; Riyansyah & Masturi, 
2023) and commercial centers (Dube et al., 2022; Fant et al., 2021) forcing residents to adapt to 
recurring water intrusions. Many batik artisans, a key economic sector in the city, suffer from 
production halts due to flooding, leading to economic instability. Furthermore, environmental 
degradation affects agricultural and fisheries sectors, compounding the social and economic 
vulnerabilities of the city’s residents. The local government has implemented mitigation 
policies, including improved drainage systems and coastal embankments, but gaps remain in 
coordination, resource sustainability, and long-term disaster adaptation. The complexity of 
disaster management in Pekalongan necessitates a robust and adaptive decision-making 
framework to ensure efficient resource utilization and sustainable recovery efforts (Bakti et al., 
2023; Madusari et al., 2024). 

Despite growing recognition of Bayesian Decision-Making and the DRV Program, few 
studies have explored their integration in disaster risk reduction. The DRV Program focuses on 
strengthening community-driven resilience, while Bayesian analysis provides data-driven 
decision support to refine strategies. Research suggests that probabilistic modeling enhances 
the efficiency of aid distribution and disaster response mechanisms by allowing policymakers to 
make informed decisions in real time  (Erbeyoğlu & Bilge, 2020; Sadeghi et al., 2021; Supari & 
Anton, 2022; Yazdani & Haghani, 2024). However, empirical validation is required to assess their 
combined effectiveness in enhancing disaster resilience in Pekalongan. Understanding how 
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Bayesian Decision-Making can support DRV initiatives will provide valuable insights into 
improving disaster mitigation policies at both local and national levels. 

This study aims to evaluate the social and economic impacts of the DRV Program by 
integrating Bayesian Decision-Making as a strategic tool for disaster preparedness. By 
conducting systematic literature reviews and empirical case studies, this research seeks to 
provide evidence-based recommendations for strengthening disaster resilience strategies in 
vulnerable communities. The study will examine how Bayesian models can enhance DRV 
effectiveness by optimizing disaster risk management, improving early warning systems, and 
facilitating better coordination among stakeholders. The findings will contribute to the ongoing 
discourse on disaster mitigation strategies and inform policymakers on the best approaches for 
implementing resilient and adaptive disaster management frameworks (Park et al., 2023). 

 
METHOD 

This study employs a quantitative research design to evaluate the social and economic 
impacts of the Disaster-Resilient Village (DRV) Program using Bayesian Decision-Making. The 
research focuses on statistical analysis to assess disaster resilience strategies objectively. The 
study was conducted in Pekalongan City, a region frequently affected by tidal flooding and 
coastal erosion, which significantly disrupts local economies and community well-being 
(Muhame et al., 2024). The research sample consists of 563 respondents, including 18 
government officials and 545 affected community members, selected through purposive and 
proportional sampling to ensure representation of key stakeholders. 

Data were collected through structured surveys distributed to both government officials 
and community members to measure their perceptions of disaster preparedness, economic 
losses, and social resilience. The questionnaire consisted of closed-ended questions designed to 
assess respondents’ experiences with disaster mitigation and the perceived effectiveness of the 
DRV Program. Bayesian modeling techniques were applied to analyze decision-making patterns 
in disaster risk reduction (Nguyen et al., 2024). 

The collected data were analyzed using descriptive statistics and Bayesian probabilistic 
modeling. Descriptive statistics were applied to measure the frequency and distribution of key 
variables, providing insights into disaster preparedness and economic recovery trends. Bayesian 
Decision-Making models were developed to assess risk probabilities and optimize resource 
allocation strategies in disaster mitigation (Supari & Anton, 2022). This probabilistic approach 
helped identify high-risk areas and recommend targeted interventions. By relying solely on 
quantitative analysis, this study provides an objective assessment of the DRV Program’s 
effectiveness in enhancing disaster resilience. 

Bayesian regression was chosen as the primary analytical method due to its ability to 
incorporate prior information and update estimates based on observed data. Unlike traditional 
frequentist regression, Bayesian regression produces probability distributions for each 
parameter, allowing for a more nuanced interpretation of results, particularly in uncertain 
environments. The Bayesian framework is particularly useful for disaster risk assessment (Wu 
et al., 2020), as it enables decision-makers to continuously refine predictions as new data 
become available, making it an effective tool for evaluating financial aid effectiveness, credit 
accessibility, and infrastructure resilience in post-disaster recovery efforts. A key component of 
Bayesian analysis is the density plot, which illustrates the posterior distribution of model 
parameters by providing a smooth representation of the probability density function 
(Broemeling, 2017; de Schoot et al., 2021). This helps identify the range and concentration of 
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estimated values, offering a clearer interpretation of parameter uncertainty and effect sizes. 
Unlike standard point estimates, which provide a single value, density plots show the full 
distribution of possible values, making them ideal for assessing the reliability and stability of 
regression estimates. In this study, density plots were used to visualize the effects of financial 
aid, credit accessibility, infrastructure damage, and preparedness score on economic recovery 
time. The sharper and more concentrated distributions for financial aid and credit accessibility 
indicate greater certainty in their impact on accelerating recovery, whereas the broader 
distribution for preparedness score suggests more uncertainty in estimating its effect. These 
visualizations enhance understanding of the reliability of model estimates, aiding policymakers 
in identifying the most influential factors in disaster recovery planning. 
 

RESULTS AND DISCUSSION  
The results of this study provide insights into the key determinants of economic recovery 

following a disaster. Using Bayesian regression analysis, the effects of disaster preparedness, 
financial aid, infrastructure damage, and credit accessibility on recovery time were examined. 
The table 1 bellow presents the estimated coefficients, standard errors, 95% confidence 
intervals, and interpretations of the regression results. 
 

Table 1. Bayesian Regression Results for Economic Recovery Days 

Variable Estimate 
(Mean) 

Std. 
Error 

95% CI (Lower - 
Upper) 

Interpretation 

Intercept 129.14 8.50 111.93 – 145.69 The average recovery time, 
assuming all other variables 
are zero, is 129.14 days. 

Preparedness_Score 0.04 0.04 -0.03 – 0.12 Not significant; preparedness 
does not strongly influence 
economic recovery time. 

Financial_Aid_Received -12.68 1.79 -16.04 – -9.13 More financial aid leads to 
faster economic recovery 
(12.68 days shorter). 

Infrastructure_Damage 9.36 2.68 4.11 – 14.55 Greater infrastructure damage 
increases recovery time (by 
9.36 days). 

Credit_Accessibility -33.28 1.09 -35.39 – -31.16 Easier access to credit 
significantly speeds up 
economic recovery (33.28 days 
shorter). 

 
Based on table 1 above, the Bayesian regression results indicate that disaster 

preparedness, measured by the Preparedness Score, does not have a significant effect on the 
speed of economic recovery. The estimated coefficient of 0.04, with a 95% confidence interval 
ranging from -0.03 to 0.12, suggests that an increase in preparedness does not necessarily lead 
to faster economic recovery. This finding contrasts with previous studies that emphasize 
preparedness as a crucial factor in post-disaster resilience. The results suggest that while 
preparedness strengthens community resilience in non-economic aspects, economic recovery 
may depend more on external support mechanisms such as financial aid and credit access. 

The analysis confirms that financial aid plays a crucial role in accelerating economic 
recovery. The coefficient for Financial Aid Received, at -12.68 with a confidence interval 
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between -16.04 and -9.13, suggests that for every additional unit of financial aid received, the 
economic recovery time is reduced by approximately 12.68 days. This finding underscores the 
importance of direct financial support in mitigating the economic shocks experienced by 
disaster-affected households. Communities that received timely financial aid exhibited a shorter 
recovery period, enabling them to restore their businesses and livelihoods more efficiently. 

Infrastructure damage was found to have a significant and negative impact on economic 
recovery. The coefficient of 9.36, with a confidence interval between 4.11 and 14.55, indicates 
that greater infrastructure damage is associated with prolonged economic recovery times. This 
result aligns with existing research that highlights the detrimental effects of damaged roads, 
water supply systems, and public services on post-disaster economic activities. Households in 
areas with severe infrastructure damage required significantly more time to restore their 
economic stability, as access to markets, transportation, and utilities were severely affected. 

The most significant factor influencing economic recovery time was credit accessibility. 
The coefficient for Credit Accessibility, at -33.28 with a confidence interval between -35.39 and 
-31.16, shows that households and businesses with better access to credit recovered 33.28 days 
faster than those with limited credit access. This suggests that having the ability to secure loans 
or financial assistance immediately after a disaster is critical for maintaining economic stability. 
The findings indicate that microfinance programs and disaster recovery loans should be 
prioritized as part of resilience-building strategies in disaster-prone communities. 

The findings of this study challenge the conventional notion that disaster preparedness 
alone is sufficient to ensure rapid economic recovery. Instead, they highlight the importance of 
financial support mechanisms such as aid distribution and accessible credit. As shown in Figure 
1, the density plots illustrate the distribution of estimated effects, reinforcing the significance 
of financial aid and credit accessibility in reducing recovery time, while also highlighting the 
substantial impact of infrastructure damage. To enhance the effectiveness of the DRV Program, 
policymakers should consider increasing access to financial aid for disaster-affected 
communities to shorten recovery time, prioritizing infrastructure resilience to minimize the 
long-term economic impact of disasters, expanding access to credit facilities to enable small 
businesses and households to recover faster, and integrating data-driven decision-making 
through Bayesian models to optimize resource allocation and disaster response efforts. 

 

 
Figure 1. Density Plots of Estimated Effects of Key Variables on Economic Recovery Time 
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The posterior density plot above, illustrates the distribution of Bayesian regression 

parameters for each independent variable in the model. This distribution provides insights into 
the uncertainty of coefficient estimates and the magnitude of each variable's effect on 
economic recovery time. The variables financial aid received and credit accessibility have 
distributions concentrated around negative values, indicating that both factors consistently 
shorten recovery time. In contrast, the variable infrastructure damage has a positive 
distribution, signifying that greater damage leads to longer recovery periods. Meanwhile, the 
preparedness score variable has a distribution centered around zero, suggesting that its 
influence on economic recovery is not significant. 

The sharper and narrower distribution for credit accessibility compared to other variables 
indicates that its effect on accelerating economic recovery is more certain and pronounced. 
Conversely, the wider distribution of preparedness score reflects greater uncertainty in 
estimating its effect, aligning with the regression results that showed it is not a significant factor. 
These findings reinforce the conclusion that access to credit and financial aid play crucial roles 
in expediting economic recovery after a disaster, while initial preparedness may not necessarily 
be a determining factor in the short term. 

The summary statistics in Table 2 further support these conclusions. The Rhat values for 
all parameters are 1.00, indicating model convergence, while the effective sample sizes 
(Bulk_ESS and Tail_ESS) are sufficiently large for stable estimation. Notably, the estimation of 
financial aid and credit accessibility effects is backed by adequate sample sizes, ensuring reliable 
inferences about their impact on recovery time. These results strengthen the argument that 
financial support mechanisms should be a central focus in disaster response and recovery 
planning. 

 
Table 2. Convergence Diagnostics and Effective Sample Sizes for Model Parameters 

Parameter Rhat Bulk_ESS Tail_ESS Interpretation 

Intercept 1.00 4106 2688 The model has converged well. 

Preparedness_Score 1.00 4415 2733 No convergence issues. 

Financial_Aid_Received 1.00 2955 2968 Adequate sample size for estimation. 

Infrastructure_Damage 1.00 4208 2803 Sufficient sample size. 

Credit_Accessibility 1.00 3020 2814 Sufficient sample size. 

 
The convergence diagnostics presented in Table 2 confirm that the Bayesian regression 

model has achieved stable and reliable estimates. All parameters have an Rhat value of 1.00, 
indicating proper convergence across Markov Chain Monte Carlo (MCMC) simulations. The 
effective sample sizes (Bulk_ESS and Tail_ESS) for all variables are sufficiently large, ensuring 
that parameter estimates are not biased by autocorrelation or insufficient sampling. Notably, 
the estimates for financial aid received and credit accessibility, which were identified as key 
drivers of economic recovery, are supported by adequate sample sizes, reinforcing the 
robustness of their inferred effects. These results validate the reliability of the model in 
capturing the relationships between disaster preparedness, financial mechanisms, 
infrastructure damage, and economic recovery time. 

To support the previous analysis, a posterior predictive check was conducted to assess 
the model’s fit. Figure 2 below presents a comparison between the actual data (y) and the 
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replicated data generated by the model (y_rep), providing insight into how well the model can 
reproduce the empirical data distribution. 

 
Figure 2. Posterior Predictive Check Comparing Actual and Replicated Data 

 
From this visualization, it is evident that the model-generated data closely follows the 

actual data distribution, indicating that the model effectively captures the key patterns in the 
dataset. The variability in y_rep reflects uncertainty in the estimation, but overall, the model 
successfully replicates the observed trends. This suggests that the Bayesian approach used in 
the analysis provides a valid framework for evaluating the factors influencing post-disaster 
economic recovery. 

This study provides insights into the key factors influencing economic recovery following 
a disaster, particularly in the context of the Disaster-Resilient Village (DRV) Program. Bayesian 
regression analysis reveals that access to financial aid and credit significantly accelerates 
economic recovery, whereas disaster preparedness, a key component of the DRV Program, does 
not have a significant impact on recovery speed. These findings align with Davlasheridze & Miao 
(2021) who found that financial aid in the form of grants is more effective in improving short-
term financial stability, while disaster loans have a more sustainable long-term impact on 
economic recovery. These results suggest that while the DRV Program strengthens community 
resilience, it should incorporate stronger financial support mechanisms to ensure economic 
stability post-disaster. 

The Bayesian regression results presented in Table 1 show that the preparedness score 
(Preparedness_Score) has an estimated coefficient of 0.04, with a 95% confidence interval 
ranging from -0.03 to 0.12. This indicates that preparedness does not have a significant impact 
on economic recovery time. This finding contradicts prior studies emphasizing the importance 
of preparedness in post-disaster resilience. However, recent research suggests that while 
preparedness measures enhance immediate disaster response, they do not necessarily lead to 
faster economic recovery unless supported by financial mechanisms (Crawford et al., 2024). 
Additionally, research on disaster recovery funding highlights that financial interventions such 
as grants and low-interest loans have a more immediate and measurable impact on economic 
stabilization (McCall et al., 2022). Since the DRV Program focuses heavily on preparedness 
measures, these findings suggest that while such efforts are valuable in mitigating disaster 
impacts, they must be complemented by direct financial interventions and improved access to 
economic resources for a more comprehensive recovery strategy. Furthermore, studies on post-
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disaster recovery funding indicate that delayed financial aid distribution exacerbates economic 
instability, underscoring the importance of efficient financial response mechanisms (Reza, 
2024).  To enhance the DRV Program’s effectiveness, policymakers should integrate financial 
mechanisms alongside preparedness initiatives, ensuring that affected communities have the 
necessary resources for rapid and sustainable recovery(Li et al., 2022). 

The coefficient for financial aid received (Financial_Aid_Received) is -12.68, with a 
confidence interval between -16.04 and -9.13, indicating that increased financial aid leads to 
faster economic recovery. Specifically, each additional unit of financial aid received reduces 
recovery time by approximately 12.68 days. This finding is consistent with prior research 
showing that rapid and efficient distribution of financial aid can mitigate economic shocks and 
accelerate business sector recovery (McCall et al., 2022). Within the DRV framework, financial 
aid distribution should be structured more efficiently to support affected households and 
businesses. Studies indicate that delays in financial aid allocation can have severe economic 
consequences, leading to prolonged business closures and job losses (Attary et al., 2020). 
Moreover, targeted financial assistance has been found to enhance small business sustainability 
and improve local economic resilience, particularly in disaster-prone regions (Watson, 2021). 
Strengthening local financial institutions and incorporating cash-transfer programs into the DRV 
strategy could enhance the program’s effectiveness in supporting economic recovery. 
Additionally, ensuring equitable distribution of financial aid is critical, as research highlights 
disparities in aid allocation that often leave vulnerable communities without adequate support 
(Ko et al., 2022). By addressing these challenges, policymakers can optimize financial recovery 
strategies and improve overall economic resilience in disaster-affected areas. 

Infrastructure damage has a significant negative impact on economic recovery, with a 
coefficient of 9.36 and a confidence interval between 4.11 and 14.55. This suggests that greater 
infrastructure damage is associated with longer recovery times. This is consistent with prior 
studies showing that disasters affecting critical infrastructure prolong economic stagnation and 
disrupt key sectors such as trade, transportation, and public services (Santos et al., 2022). The 
long-term consequences of infrastructure failure include decreased business productivity, 
higher unemployment rates, and increased costs of reconstruction, further delaying economic 
stabilization (Li et al., 2022). Given that the DRV Program aims to build community resilience, 
infrastructure resilience should be integrated more comprehensively within the program’s 
framework. Research has shown that investments in resilient infrastructure reduce economic 
losses and accelerate post-disaster recovery, particularly in urban areas where transportation 
and public services are crucial for economic stability (Kovarik et al., 2023). Moreover, 
strengthening infrastructure systems through adaptive urban planning has been identified as a 
key strategy in mitigating future disaster risks and ensuring long-term economic resilience 
(Ramada, 2024). By integrating these strategies into the DRV framework, policymakers can 
enhance disaster preparedness and minimize prolonged economic disruptions following 
catastrophic events. 

Credit accessibility (Credit_Accessibility) has the most significant impact on economic 
recovery acceleration, with a coefficient of -33.28 and a confidence interval between -35.39 and 
-31.16. This result suggests that communities and businesses with easier access to credit recover 
33.28 days faster than those with limited credit access. Research has shown that credit 
availability is crucial for post-disaster recovery, as it enables affected households and businesses 
to stabilize their finances and resume economic activities more quickly (Meyer & Schweitzer, 
2022). Osumba & Oboka (2022) also support this finding, stating that credit accessibility for 
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SMEs plays a crucial role in restoring working capital and operational stability post-disaster. 
Moreover, studies indicate that targeted credit programs, including government-backed low-
interest loans and microfinance initiatives, significantly enhance economic resilience in disaster-
prone areas (Bessonova et al., 2021). 

To improve the DRV Program’s economic impact, initiatives that facilitate easier credit 
access should be incorporated. Establishing community-based microfinance programs or 
government-supported credit schemes could empower disaster-affected individuals and 
businesses to recover more quickly (Silber & Sovern, 2020). Additionally, research has found 
that disparities in credit allocation can slow down recovery in marginalized communities, 
highlighting the need for inclusive financial policies (Yuan et al., 2021). Strengthening financial 
infrastructure and reducing bureaucratic barriers to credit access are essential steps in ensuring 
equitable and effective economic recovery (Li et al., 2022). By integrating these strategies into 
the DRV framework, policymakers can significantly enhance financial resilience and disaster 
recovery efforts 

Table 2 indicates that the Rhat values for all parameters are 1.00, confirming that the 
Bayesian regression model has achieved proper convergence. Additionally, effective sample 
sizes (Bulk_ESS and Tail_ESS) are sufficiently large, particularly for financial aid and credit access 
variables, ensuring reliable parameter estimation. The stability and efficiency of Bayesian 
models in financial and economic applications have been well-documented, particularly in 
optimizing resource allocation in uncertain environments (Chen & Hu, 2024). Mhlungu (2021) 
also found that liquidity availability and flexible financing schemes are primary determinants of 
small business sustainability post-COVID-19. The ability of businesses to access sufficient 
liquidity during recovery periods is a fundamental factor in their long-term resilience, 
reinforcing the importance of incorporating financial stability into disaster recovery programs 
(Ahiakpor et al., 2023). 

Bayesian modeling techniques have also been instrumental in financial risk assessment, 
particularly in predicting credit defaults and optimizing lending policies in uncertain economic 
conditions (Tham et al., 2023). The integration of Bayesian analysis into economic recovery 
planning allows for more accurate predictions of financial aid effectiveness and credit 
accessibility impacts, ensuring that resources are allocated efficiently (Provost, 2021). To align 
with these findings, the DRV Program should incorporate financial education and credit 
accessibility strategies to enhance the financial resilience of its beneficiaries, ensuring that 
disaster recovery efforts are both data-driven and sustainable (Li et al., 2022). 

These findings suggest several policy recommendations to enhance the DRV Program’s 
economic recovery contributions. Improving access to financial aid for disaster-affected 
communities should be a priority, ensuring that aid is both timely and equitably distributed. 
Infrastructure resilience must also be prioritized to minimize long-term economic impacts, 
particularly by investing in disaster-resistant construction and adaptive urban planning. 
Expanding credit facilities for small businesses and households will further support economic 
recovery by enabling businesses to rebuild and households to stabilize their finances. 
Additionally, integrating data-driven decision-making frameworks, such as Bayesian regression, 
will optimize resource allocation and disaster response efforts, ensuring that financial aid and 
recovery strategies are evidence-based and efficient. By implementing these strategies, the DRV 
Program can evolve into a more comprehensive disaster resilience initiative, effectively 
addressing both social and economic challenges post-disaster 
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CONCLUSION 

This study highlights the key determinants of economic recovery following a disaster, 
particularly within the framework of the Disaster-Resilient Village (DRV) Program. The findings 
indicate that financial aid and credit accessibility significantly accelerate recovery, whereas 
disaster preparedness alone does not directly influence economic resilience. Additionally, 
infrastructure damage prolongs recovery time, emphasizing the need for resilient infrastructure 
investments. These results suggest that economic recovery efforts should focus on financial 
mechanisms and infrastructure development rather than relying solely on preparedness 
strategies. To maximize the effectiveness of the DRV Program, financial support should be 
integrated alongside preparedness measures to ensure communities can rebuild efficiently 
post-disaster. 

Policymakers should strengthen financial aid programs and expand credit access to 
support affected communities, while also prioritizing resilient infrastructure to minimize 
economic disruptions. The DRV Program should incorporate financial mechanisms to enhance 
recovery, ensuring that communities have access to necessary resources. Additionally, 
leveraging data-driven decision-making, such as Bayesian analysis, can optimize resource 
allocation and disaster response efforts. By implementing these strategies, governments and 
organizations can improve disaster recovery outcomes, strengthen the DRV Program, and 
enhance economic resilience in disaster-prone areas. 
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